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Abstract: In just a couple of years, the sharing economy emerged to become a 
significant segment of the holiday accommodation market. Several aspects 
have contributed to the rise of the sharing economy in tourism, from the search 
for new tourism experiences to the necessity to save money. This paper aims to 
give insights into the factors which influence the decision-making process  
of users when selecting accommodation on an online peer-to-peer platform. 
Characteristics of 19,624 Airbnb listings in destinations in north east Italy  
were analysed to discover users’ inclinations, by using occupancy as a proxy  
of consumer preferences. We identified several influential factors such as 
accommodation characteristics, locations and aspects of the digital community. 
The results provide useful insights for the management of real estate allocated 
to the sharing economy market and for the anticipation of potential effects that 
this phenomenon might have on the sustainable development of destinations. 
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1 Introduction 

The increasing success and diffusion of new online peer-to-peer (P2P) marketplaces is 
enhancing the paradigm of the so-called ‘sharing economy’; this includes the tourism 
sector, where P2P business has created a new competitor for the traditional tourism 
accommodation market. At present, any individual worldwide can easily and simply rent 
rooms or entire apartments using of one of the many online, community-based services. 
Airbnb is a significant example of this new phenomenon, the platform allows users 
(hosts) to rent their assets to other people (guests) for varying time periods; offering 
competitive prices, good-quality services and unexpected locations for an overnight stay. 
Both hosts and guests are ordinary people who make contact through a platform 
controlled by a third body, usually a private company, as in the case of Airbnb. As 
reported on its official website, Airbnb is (at present) connecting more than 65,000 cities 
in 191 countries; it has accumulated more than 150 million guests and over three million 
listings worldwide. 

It is conventional to distinguish the motivations for participating in the sharing 
economy into three typologies, namely: technological, economic and social motivations. 
These are not universally applicable to all the different specific sectors, goods and 
services of the sharing economy. The motivations driving participation in car sharing 
may differ from those powering the sharing of music, books, or apartments. 
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Consequently, distinctions and in-depth analysis are essential to capture the evolution of 
the sharing economy in certain fields. 

For tourist accommodation, the price is often a primary motivation for increasing 
preference for non-traditional forms of accommodation, but it seems reasonable to 
assume that other factors are equally significant when it comes to explaining this new 
practice. Trust and transparency, as well as the accommodation’s features, destination’s 
image, locations and level of the host participation in the Airbnb community are all 
factors in the final mixture, playing an increasing role in Web 2.0 consumers’ choices. 

The Veneto region is one of the most attractive tourism regions in the world, with 
over 17 million arrivals and 63 million overnight stays in 2015 (mainly due to the appeal 
of top-notch attractions like Venice, Verona, Lake Garda, the Dolomites, the coastal 
resorts and its numerous art cities). Focusing on this region of Italy, this paper therefore 
aims to explore the principal attributes behind the rise of the non-traditional market for 
tourism accommodation. The aim of this research is to outline the primary attributes  
of Airbnb listings, which variables are more important and able to influence the  
decision-making process when it comes to the selection of a P2P tourist accommodation. 
Furthermore, the results show a list of variable that have been considered crucial and 
significant thanks of a linear regression model on occupancy rate index, that the authors 
clusterise into three macro-categories of accommodation characteristics, location aspects 
in terms of type of destination and Airbnb community features. We expect that this 
approach will also highlight potential implications of the home-sharing economy 
phenomenon on the traditional accommodation market, and therefore, future urban 
development. 

2 The concept of the sharing economy and its application in tourism 

The sharing of goods, services, ideas or skills is not a revolutionary practice but, thanks 
to new Web 2.0 technologies and online P2P platforms that facilitate this type of 
transaction, the sector has become increasingly significant in scale, while simultaneously 
creating new forms of competition for traditional commerce. The internet has brought a 
‘new era of sharing’ (Belk, 2010), profoundly changing our patterns of both production 
and consumption. This is the era of the ‘sharing economy’ as described by Botsman and 
Rogers (2011): “an economic model driven by network technologies that enables things 
and skills to be shared or exchanged in ways and on a scale not possible before.”  
Hamari et al. (2016) defined the sharing economy as a “peer-to-peer-based activity of 
obtaining, giving, or sharing the access to goods and services, coordinated through 
community-based services online.” Usually, these shared assets are underutilised, 
tangible, granted for money and used temporarily (Frenken et al., 2015). Depending on 
the good, service or sharing model offered by the online platform, varied forms of online 
sharing are being developed under the label of the sharing economy, although “it is 
sometimes difficult to discern where sharing ends and commerce begins” (Belk, 2014b). 
Moreover, new terms like ‘collaborative consumption’ (Botsman and Rogers, 2011; 
Hamari et al., 2016; Huber, 2017), ‘access-based consumption’ (Bardhi and Eckhardt, 
2012; Belk, 2014a; Schaefers et al., 2016), ‘the mesh’ (Gansky, 2010), ‘commercial 
sharing systems’ (Lamberton and Rose, 2012) and ‘product-service systems’ (Mont, 
2004; Vezzoli et al., 2015) co-creation (Buhalis and Sinarta, 2019) are emerging and/or 



   

 

   

   
 

   

   

 

   

   132 A. Albarea et al.    
 

    
 
 

   

   
 

   

   

 

   

       
 

consolidated. Botsman and Rogers (2011) recognise three different categories of online 
sharing, which are as follows: 

1 product-service systems, which are platforms that allow members to use an asset 
without any transfer of ownership for a fee (e.g., Zipcar) 

2 redistribution markets, which focus on the reallocation of unused resources (e.g., 
eBay or BMW’s ‘Drive Now’) 

3 collaborative lifestyle platforms that allow people to share and exchange intangible 
goods and services, such as time, skills, money, knowledge, experience or space 
(e.g., TaskRabbit). 

All the ‘sharing and collaborative consumption practices’ have ‘the temporary access of 
non-ownership models of consumer goods and services’ in common, as well as ‘their 
reliance on the internet and Web 2.0’ (Belk, 2014b). Given the importance of this 
phenomenon, it features in a range of academic research: from the phenomenon’s effects 
on psychological features (e.g., Belk, 2010; Lamberton and Rose, 2012) to its relation to 
technological development (e.g., Cohen and Kietzmann, 2014; John, 2013). 

There is also a significant interest in the problem of legality and social issues (e.g., 
Guttentag, 2015; Malhotra and Van Alstyne, 2014; Rifkin, 2014; Edelman et al., 2017; 
Baumber et al., 2019), the application of finance and business models (e.g., Boesler, 
2013; Hamari et al., 2016; Ritter and Schanz, 2018; Ciulli and Kolk, 2019), sustainability 
(e.g., Mont, 2004; Gonzalez et al., 2015; Cohen and Munoz, 2016; Martin, 2016; 
Geissinger et al., 2019) and the implications of the sector on specific markets and goods, 
such as tourism, vehicles, toys and the creative industry (e.g., Giesler, 2008; Ozanne and 
Ballantine, 2010; Martin and Shaheen, 2011; Belk, 2014b; Fang et al., 2016; Shaheen and 
Chan, 2016; Heo, 2016). 

The motivations of individuals taking part in the sharing economy has still not been 
fully explored in terms of scientific research (Tussyadiah, 2015), especially from a 
quantitative point of view (Hamari et al., 2016). It is customary to distinguish several 
different motivational typologies, in relation to socio-economic factors, but also 
technology. The progress of information and communication technology (ICT) is 
facilitating the sharing of goods and services by rendering it more frequent, user-friendly 
and widespread (Botsman and Rogers, 2011). ICT assists users in searching for goods or 
persons (Lahti and Selosmaa, 2013). 

The mentioned P2P platforms, together with collaborative/sharing platforms (e.g., 
Wikipedia, YouTube), social networks (e.g., Facebook, LinkedIn), blogs, virtual game 
worlds and other Web 2.0 facilities have encouraged the practice of sharing to the point 
that it is a ubiquitous part of everyday life. In addition, the economic recession triggered 
by the financial crisis of 2008, has altered spending behaviour, pushing people to 
experiment with alternative solutions for purchasing (Gansky, 2010). Online sharing, 
including rentals, loans, discounts, gifts or free sharing of goods and services, is one 
answer to such needs. The direct connection of buyers and sellers on the online  
market provides competitive prices by reducing the intermediation costs – though it 
simultaneously assists ‘free riding’ mechanisms, as illustrated by the music, film and 
software markets. Economic motivations are similar in the cases of car sharing (Bardhi 
and Eckhardt, 2012) and P2P accommodation (Tussyadiah and Pesonen, 2015; Zervas  
et al., 2017). 



   

 

   

   
 

   

   

 

   

    Assessing crucial variables for consumer choice 133    
 

 

    
 
 

   

   
 

   

   

 

   

       
 

Social motivations come from a variety of sources. People exchange goods and 
services for solidarity and the welfare of the community. Web 2.0 platforms allow users 
to amplify their sense of belonging to a community by leaving comments, suggestions 
and impressions. The internet is a relevant ‘social environment’ offering users 
interpersonal relationships and the possibility of gaining social approval (Wirtz et al., 
2010). Collaborative consumption platforms may also allow users to meet new people 
and make new friends (Botsman and Rogers, 2011), whether virtually or physically 
(Tussyadiah, 2015). 

Finally, studies have focussed on the environmental benefits of the sharing economy, 
understood as a social and behavioural model that encourages collaboration, recycling 
and the reduced use of resources. The result is that increasing numbers of people 
autonomously decide to participate in these practices of sharing to support a more 
sustainable use and redistribution of resources (Hamari et al., 2016; Piscicelli et al., 
2015). 

Within the limits of the existing, already limited, literature regarding this topic, users’ 
reasons for participation in the online sharing are often adapted to the context of the 
tourism sector. The travel and hospitality industry has been heavily involved in the 
development of ICT and Web 2.0 (OECD, 2016): BlaBlacar, Lyf, car2go and Zipcar are 
transforming touristic transport; new companies like Airbnb, Home Away, Couchsurfing 
and Cosmopolit are strongly influencing the approach to booking overnight stays. 
Botsman and Rogers (2011) argue that, in the case of tourism, socio-economic factors are 
the most important in encouraging interaction with the sharing economy. The competitive 
prices offer economic incentives (Tussyadiah, 2015). This is especially clear in the 
accommodation industry but is also apparent in the savings available through sharing 
transportation costs, such as in the case of car sharing (Bardhi and Eckhardt, 2012). In 
addition to economic incentives, Sigala (2015) have identified other motivations, such as 
those related to the sustainability of tourism and the opportunity to experiment with new, 
alternative tourism experiences which create additional value (Guttentag, 2015). 
Moreover, the wide range of rented assets in the online hospitality industry offer 
opportunities novel experiences in unique accommodation facilities (Wortham, 2011) and 
locations (Guttentag, 2015). 

Social motivations are also a relevant consideration. Through an online platform 
dedicated to tourism, people experience a sense of belonging to a ‘community’ 
(Tussyadiah, 2015); in accessing the tourism offers of the sharing economy, users also 
have the opportunity to cohabit with members of the local community (Botsman and 
Rogers, 2011; Gansky, 2010; Tussyadiah, 2016; Liang et al., 2018; Baumber et al., 
2019). Finally, the recent technological development of the online sharing platforms is 
improving the tourism product supplies and integration (Shaheen et al., 2012; Shaheen 
and Chan, 2016; Hamari et al., 2016), increasing tourists’ interest in such services. 

3 The enormous rise of Airbnb in the Veneto region 

The Airbnb phenomenon has exploded across the globe in the last decade. In urban 
destinations in particular, the platform is a significant player in the hospitality industry. 
This paper focuses on the effects of Airbnb in a major European tourist area, namely, the 
Veneto region in northeast Italy. 
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Airbnb began to influence the Veneto tourist industry in 2011; there were  
373 available listings that year. However, it was in 2013 that Airbnb was effectively 
established as a significant market force: by this time, there were more than 2,000 Veneto 
lodgings listed on the site. The number of listings has more than doubled each year from 
2013, with a significant growth during the three-year period of 2015–2017. 

In 2017, there were a total of 19,624 Airbnb listings registered in Veneto; these 
represented 12,382 entire houses/apartments, 5,077 private rooms, 199 shared rooms and 
1,966 facilities where the specific category cannot be determined. In 2018, this total rose 
to 22,918 and the potential bedspaces offered by the Airbnb platform in the Veneto 
region were 70,804. Airbnb represents a significant portion of the hospitality industry in 
the Veneto region. According to the latest official statistics released by ISTAT, there are 
a total of 2,881 hotels in the Veneto region with 1–5 stars in 2018; these offer a 
maximum of 208,607 bedspaces for tourists within the Veneto region. Additionally,  
non-traditional hotels amount to 69,388 units offering more than 569,000 bed places (see 
Table 1). 
Table 1 Airbnb listings and hotel penetration in Veneto region – year 2018 

 Airbnb* Hotels**, * Non-traditional hotel*** 
Total 
number of 
facilities 

22,918 2,975 (including all hotel 
typologies: 2,881 traditional 
hotels (with 1–5 stars) and 
94 units of other similar 

types) 

68, 033 (accommodation, holiday 
homes, bed and breakfast) 

186 (camping and tourist villages) 
1,169 (other types) 

Total 
number of 
beds 

82,504 
(including 
all Airbnb 
typologies) 

216,455 (including all hotel 
typologies) 

320,107 (accommodation, holiday 
homes, bed and breakfast) 

227,504 (camping and tourist 
villages) 

2,2117 (other types) 

Notes: *Airbnb accommodation typologies are categorised as apartments, bed and 
breakfasts, houses, villas and other types (as recorded by hosts). 
**Hotels and similar facilities (Italian National Institute of Statistics – ISTAT). 
***All type of other holiday accommodation and other facilities for short stays, 
camping areas and areas equipped for campers and caravans (Italian National 
Institute of Statistics – ISTAT). 

It is possible to observe a strong presence of Airbnb lodgings in all seven administrative 
provinces of the Veneto region. The province of Venice has the biggest share of 
accommodation, with almost 50% of the total; followed by the provinces of Verona 
(22%), Padua (8%), Treviso (7%), Belluno (6%), Vicenza (5%) and Rovigo (1%). Urban 
destinations play a big part in determining the location of the Airbnb facilities, especially 
the two main destinations of the region, Venice (7,150 accommodations) and Verona 
(1,892), but it is accommodation is also present throughout the region’s art cities (Padua, 
Treviso and Vicenza, in addition to Venice and Verona) and within the regional tourism 
systems (the dolomites, mountains, Lake Garda and Adriatic Sea coastal area). 

In this paper, we have considered the period of explosion and strong development of 
the phenomenon between 2015–2016 to better focusing on the stage when Airbnb  
was still a real mix between sharing economy and official business and to even better 
understand the crucial aspects of the listings able to foster this new accommodation 
sector. The reference period of this research goes from November 2015 to November 
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2016 when the total number of accommodation bookings for Veneto reached 278,709 on 
the Airbnb website (an average of 15 bookings per lodging). Entire houses/apartments 
received 67.5% of the total number of bookings, while private rooms received 31%. Only 
1% of the bookings involved shared rooms. The occupancy rate of the accommodations 
of the region was 0.34, which is slightly higher than one day in three. The average length 
of stay for users visiting Veneto for a holiday was 4.2 days. The average price of an 
accommodation in Veneto was €131 per night and the potential income for the entire 
region, across all listings was around €2,318,195. 

4 Methodology 

This paper uses a quantitative approach to explain the evolution of Airbnb in the Veneto 
region, capturing the most important factors that drive consumers to use this online 
platform to book an apartment. This methodology makes it possible to analyse the 
significant factors in the decision-making processes of the 278,709 users who decided to 
use Airbnb to book accommodation for their holiday in Veneto. Airbnb data has been 
used for two reasons. The site is the most prevalent online market for accommodation, 
and is therefore representative of the sharing economy phenomenon. In addition, the 
structure of the site provides a wide set of practical, quantitative data which can be  
used to determine the motivations driving user participation as other research already 
underlined regarding price value (Dogru and Pekin, 2017; Gibbs et al., 2018) or location 
(Lin et al., 2019). According to Yao et al. (2019), the site provides different data that can 
be grouped into functional attributes, dual attributes and signal attributes. In this research, 
the following clusters of variables and information were created: the characteristics of the 
accommodation (including prices), the location of the structures, host activity data  
and their contribution to the Airbnb community. Each group is linked to the  
three motivational typologies which determine participation in the sharing economy 
(social, economic and technological). 

We used two specific data analysis techniques. The first approach employs a 
regression model with the aim of identifying the primary factors influencing the choices 
of Airbnb service users. The variable of interest is the recorded occupancy rate of all the 
Veneto Airbnb facilities. If the variable under consideration is expressed as a logarithm, 
like the other regressed variables, the obtained coefficient will be an elasticity rate. This 
can measure the percentage change of the regressed variable per change of 1% of the 
occupancy rate variable. Some variables are not expressed as a logarithm due to their 
peculiarity and because some of the variables are not quantitative, such as the location 
and lodging typology; thus, the obtained coefficient of the regression model no longer 
refers to the elasticity of a 1% change of the occupancy rate, but instead, it is a response 
of a unit change in absolute terms. These variables are expressed as a dummy (variables 
that takes a value 0 or 1 to indicate the absence or presence of some categorical feature). 
Dummy variables are used to sort data into mutually exclusive categories (such as 
business ready/not business ready). The occupancy rate index has been taken as the 
starting point of the regression model. The occupancy rate at a hotel is the number of 
available rooms that are occupied over a period (e.g., month, quarter or year). The 
occupancy rate for Airbnb lodgings is the level of rented days compared with the total 
amount of available and bookable days in a year, calculated from 0 to 1. In the hospitality 
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field, occupancy rates for hotel and P2P hospitality can be useful for examining trends in 
the facility’s growth and tourist behaviour, as well as developing rural, peripheral or  
less-developed areas of a tourist destination. An indicator of the integrity of the 
regression model is the R2 value. Indicated from 0 to 1, this value demonstrates the 
trustworthiness of the analysis for the entire model. In this case, is it possible to say that 
the coefficient of determination (R2 = 0.6064) appropriately represents the response of the 
variables. 

For the present work, as mentioned above, the analysed variables are structured 
according to three different topics, which are as follows: the first collects all the variables 
related to the characteristics of the accommodation, such as the type of lodging (private 
or shared room), number of bookings in the last 12 months, price per night, number of 
bedrooms, number of received reviews and overall rating; the second relates to the 
location of the structures, categorised by art cities (Belluno, Padua, Rovigo, Treviso, 
Venice, Verona and Vicenza) and tourism typology (Garda Lake, seaside, mountains, 
spa); finally, the third category mainly refers to the host’s activities and role in the Airbnb 
community. This last category includes variables related to host attributes, such as a 
Superhost certificate (according to the Airbnb website: “Superhosts are experienced hosts 
who provide an example for other hosts and extraordinary experiences for their guests. 
Once a host reaches Superhost status, a badge will automatically appear on his or her 
listing and profile to help identify them”). The analysed sample also includes variables 
such as security deposit, cleaning fee, business ready certificate (according Airbnb 
website: “Business travel ready listings must be an entire home/apartment. The listing 
must be no smoking and cannot have pets on the property. The listing must also have 
business travel ready amenities, such as wireless internet, a laptop-friendly workspace 
and the possibility to do a self-check-in. listings must have a rating of at least three stars 
and a 7-day cancellation policy”). Finally, it includes ‘instant book’ capabilities, the 
number of photos (photo_under – listings with a limited number of pictures and 
photo_over – listing with a higher number of picture to the total average) and response 
time (in minutes). Superhost, business ready and instant booking are regressed as dummy 
variables. 

Considering the objectives of this study, a second test is performed based on the 
‘attractiveness’ index according to the procedures developed in principal component 
analysis (PCA) (Bishop, 2006; Diamantaras and Kung, 1996; Jolliffe, 2002). This type of 
analysis allows relational phenomena to emerge that would otherwise not be observable 
through direct processing of the accessible variables involved. This test is designed to 
reinforce the regression results with more information on the dependencies between 
variables explaining why people are ‘attracted’ by participation in the sharing economy, 
in our case, represented by Airbnb services and products (apartments and tourist 
destinations). Thus, the variables used are as follows: the price per night, number of 
bookings, number of user reviews, user evaluation and Superhost certificate issued by 
Airbnb, as well as business ready status. 

We expect the following positive or negative dependencies to emerge for the index 
variables: 

1 Price relates with a negative sign; higher accommodation prices lead to lower facility 
attractiveness values. 

2 Number of bookings relates with a positive sign; a high booking rate implies that the 
accommodation facilities are more attractive. 
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3 Number of reviews relates with a positive sign; the greater the number of reviews, 
the greater the visibility of the accommodation, and in turn, the higher the 
attractiveness level. 

4 Perceived quality of service relates positively; higher scores in this parameter imply 
higher facility attractiveness. 

5 Superhost qualification relates with a positive sign; this is an acknowledgement 
awarded directly by Airbnb as a mark of quality, and it increases the degree of 
attractiveness perceived by accommodation seekers. 

6 Business ready status relates with a positive sign. 

In this study, PCA analysis is also applied to generate a geographical distribution of the 
most attractive accommodation sites in the Veneto region. 

5 Research outcomes 

5.1 Variables influencing the consumer’s choice 

The linear regression model was implemented for describing the Airbnb listing variables 
that have a significant effect on tourists’ decision to choose and book an accommodation 
in the Veneto region. The results are illustrated in Table 2. 

5.1.1 Accommodation characteristics 
Focusing primarily on the specific physical aspects and the main variables that can 
influence the decision-making process of the guest, the following findings emerge: 

• Private and shared rooms have been regressed to understand which Airbnb typology 
has the greatest influence on the occupancy rate. The two typologies have been 
analysed in comparison with an entire house/apartment listing. The negative results 
of the private and shared rooms illustrate the strong probability and propensity of 
tourists to book an entire house or apartment instead of a private or shared room. 

• One of the most crucial results concerns the price of the Airbnb listings. The 
elasticity of the occupancy rate regarding the price per night is negative. A price 
increase of 1% per night results in a 0.29% decrease in the occupancy rate. If the 
elasticity is relatively inelastic, it is possible to say the appeal of an Airbnb 
accommodation is not highly connected to the price. An increase in the price 
negatively affects the occupancy in a less than proportional trend. 

• The number of bedrooms in a house or apartment is not highly important, as can be 
seen from the regression result of 0.04, probably because tourists are willing to know 
how many beds an Airbnb can offer instead of how many rooms are in the flat (the 
favourite listing type is the entire house). 

• The number of reviews has a low impact (0.26). This means that is not very 
important for the tourist decision process how many reviews a listing has, instead  
the quality of the reviews becomes increasingly important. 
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• Another key point of the regression model results is related to the overall rating of a 
listing. The perceived quality of a structure is a significant variable that helps the 
decision-making process of a tourist who wants to spend his/her holiday period in the 
Veneto region. The value of 0.59 strongly demonstrates elasticity in the occupancy 
rate; a higher occupancy rate as associated with a higher perceived quality of the 
accommodation. 

Table 2 Linear regression results on occupancy rate variable 

Log (occupancy rate LTM) Coef. Std. err. P > |t| 
Accommodation characteristics 
Private room –0.295611 0.0255928 0.000 
Shared room –0.226836 0.0913694 0.013 
Log(price per night) –0.290821 0.0209937 0.000 
Log(bedrooms) 0.048259 0.0252532 0.056 
Log(number of reviews) 0.261362 0.0072078 0.000 
Log(overall rating) 0.591683 0.0721061 0.000 
Location: urban destination 
Belluno_city –0.209866 0.1646657 0.203 
Padua_city 0.472868 0.0485840 0.000 
Rovigo_city 0.298670 0.2771830 0.281 
Treviso_city 0.364489 0.0685513 0.000 
Venice_city 0.686668 0.0320081 0.000 
Verona_city 0.748810 0.0353888 0.000 
Vicenza_city 0.454690 0.0757163 0.000 
Location: territories 
Garda Lake 0.839231 0.0407353 0.000 
Adriatic coastal area 0.006204 0.0514866 0.904 
Dolomiti/mountains 0.338713 0.0470704 0.000 
Spa 0.309870 0.1191666 0.009 
Community aspects 
Superhost 0.249683 0.0270977 0.000 
CleaningFee 0.120046 0.0198444 0.000 
Business ready 0.014017 0.0414411 0.735 
Instant booking 0.173275 0.0238323 0.000 
photo_over –0.012028 0.0204482 0.556 
photo_under –0.041497 0.0258504 0.108 
Log(response time) –0.020830 0.0036337 0.000 
_cons –2.042532 0.1437135 0.000 
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5.1.2 Location 
All the variables have been regressed in comparison with the total number of listings in 
the Veneto region. The obtained results are the coefficients that show the relevance of a 
specific location in the region. The positions are divided into different destination 
typologies, bringing out the following findings: 

• Urban destinations: Verona (0.74), Venice (0.68), Padua (0.47) and Vicenza (0.45) 
have positive results in the regression model. This could signify a high attractiveness 
of these destinations. If a listing is located in these cities, it could have a higher 
occupancy rate. Treviso has a positive result (0.36), but this is lower than those of 
the other cities. Rovigo (0.29) has a slight positive impact, but the standard error of 
the regression is high (it could even be considered significant), so it is not possible  
to determine whether this destination has a strong appeal or cannot affect the 
decision-making process. Belluno has a negative result (–0.20), so it is possible to 
estimate that this art city is not as attractive as other cities or locations in the Veneto 
region are. 

• Territories: The regressed variables of Garda Lake (0.83) and mountains (0.33) have 
a positive result that can determine the attractiveness of these territories and tourist 
areas. In comparison of all the listings in the Veneto region, the ones located in the 
Garda Lake territory and Veneto Mountain area have greater influence on the 
occupancy rate index. This can be related to the longer seasonality of these tourist 
products (the Garda Lake territories and mountain area can be visited all year long) 
compared to beach tourism (purely summer season), which have an irrelevant 
positive result. Veneto’s spa tourism listings have a positive influence (0.30) on the 
occupancy rate values in comparison with all the accommodations in Veneto region. 

5.1.3 Community aspects 
As described in the previous section, social aspects are crucial in the context of the 
sharing economy to guarantee and secure peer relations. Some of these aspects are 
developed and regulated directly by the Airbnb platform, but there are also others related 
to good practice and unwritten rules among community members can be decisive. To 
understand the crucial variables related to aspects of the community, some variables were 
analysed relating to user behaviour and guest attitudes, finding that: 

• The most important result concerning the community aspect variables was Superhost 
status, which positively affected the occupancy rate (0.24). The Superhost 
designation can be a certification of a high-quality listing, but it can also be an 
indicator of a good level of trust and good behaviour of the host in the Airbnb 
community. 

• The security deposit and cleaning fee are costs determined by the host. These costs 
are characteristics of the listing, but they can also be indicators of the host’s activities 
in the community (hosts can take care of the cleaning of the house to give a better 
service to the guests). Both results are positive, but the coefficients are not high. 
These variables do not have a strong effect on the occupancy rate, even if they have a 
positive influence. 
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• Business ready, ‘instant booking’, photo_over 22 and photo_under 8 are regressed 
variables with no significant results. For those characteristics, expressed as dummies, 
it is not possible to determine if they can affect the occupancy rate. 

• Response time is a regressed variable with a negative coefficient. That means that a 
higher response time is an indication of less occupancy rate variance. This is a 
feature of host behaviour in the community, as a good community member will 
respond as quickly as possible. 

5.2 Attractiveness index 

A PCA has been conducted to better understand the significant variables related  
to the characteristics of a listing and some aspects related to the type of destination  
and location. With this analysis, an attractiveness index of the Airbnb listings  
(11,986 analysed accommodations) has been built, using the principal variables and 
information on the type of accommodation. The variables that have been used to create 
the PCA are price per night, number of bookings, number of reviews, perceived quality 
(overall rating), Superhost and business ready status. The result of the PCA is a linear 
combination, where it is possible to multiply the value of the standardised variable. With 
this result, some listings can be grouped together to understand the attractiveness of 
Airbnb; these can then be mapped to see if it possible to find a geographical pattern. 

To build the attractiveness index, the first component (Comp1) has been used; this 
hypothetically concerns a low price, high number of bookings, high number of reviews, 
high perceived quality (high rate) and both Superhost and business ready certification. 
The results of the analysis (see Table 3) are all positive, excluding the result related to the 
price per night: 

• Price per night (negative result, –0.061): If the prices are higher, the lodgings are less 
attractive. 

• Number of bookings (positive result, 0.65): If an accommodation receives more 
booking, the same listings appears more attractive. 

• Number of reviews (positive result, 0.66): The more reviews a listing has, the more 
attractive it becomes. 

• Perceived quality (positive result, 0.14): A higher rate (positive rate) is an indication 
of higher attractiveness. 

• Superhost (positive result, 0.32): This Airbnb recognition is itself a quality index, so 
the accommodations that have it are more attractive than those that do not. 

• Business ready (slightly positive result, 0.048): Business ready lodgings are more 
attractive than non-business ready ones. 

This attractiveness index makes it possible to a rank the Airbnb listings, based on the  
six analysed variables. A subsequent mapping exercise can then highlight the destinations 
which contain concentrations of more attractive accommodation, according the results of 
the regression model. In this section, we present three different level of attractiveness of 
Airbnb listings, as follows (see Table 4). 

 



   

 

   

   
 

   

   

 

   

    Assessing crucial variables for consumer choice 141    
 

 

    
 
 

   

   
 

   

   

 

   

       
 

Table 3 PCA results to build an attractiveness index of the Airbnb listings 

Component Eigenvalue Proportion Cumulative 
Comp1 177.941 0.2966 0.2966 
Comp2 11.771 0.1962 0.4928 
Comp3 100.794 0.1680 0.6607 
Comp4 0.986568 0.1644 0.8252 
Comp5 0.744334 0.1241 0.9492 
Comp6 0.304647 0.0508 10.000 

Principal components (eigenvectors) 
Variable Comp1 Comp2 Comp3 
Price per night –0.0614 0.0035 0.7458 
Number of bookings 0.6547 –0.2534 0.0617 
Number of reviews 0.6663 –0.1956 0.0121 
User evaluation 0.1398 0.7292 0.1146 
Superhost 0.3190 0.5882 0.0398 
Business ready 0.0482 0.1404 –0.6520 

Table 4 Distribution of the attractiveness index 

 Percentiles Smallest 
1% .0611879 0 
5% .0829132 .0085587 
10% .0920645 .013466 
25% .1052807 .0151908 
50% .1306947  
  Largest 
75% .2038303 .82558 
90% .3002583 .9132404 
95% .3749229 .9613218 
99% .5487266 1 
Number of analysed listings 11,986 
Standard deviation .0999264 
Variance .0099853 

5.2.1 Excellent attractiveness 
Only 1% of all the listings have the highest value on the attractiveness index. These 
listings are mostly located in the two main tourist destinations of the Veneto region 
(Venice and Verona). In addition to the historical centre of Venice, these lodgings are 
also present throughout the mainland areas of the Municipality of Venice. A small 
amount of accommodation is located in Padua and in Treviso, but not many attain this 
level of attractiveness. The high attractiveness associated with these lodgings is not due 
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solely the result of the features and services offered: the attractiveness of the cities and 
destinations is likely to contribute (Figure 1). 

Figure 1 Excellence of attractiveness of Airbnb listings (see online version for colours) 

 

5.2.2 High level of attractiveness 
Of all the Veneto region Airbnb listings, 5% have a high level of attractiveness. This 
accommodation is largely located in the historic centres of the art cities, namely, Verona, 
Padua and Treviso, and in the suburbs of the Venice destination (metropolitan area), 
which covers a substantial mainland area and some nearby destinations, such as the 
Brenta Riviera (as well as the islands of Lido and Pellestrina in the Venice lagoon). It is 
remarkable to point out the growing number of accommodations in the Lake Garda area 
and Vicenza art city (Figure 2). 

5.2.3 Medium-high level of attractiveness 
This category includes 10% of the total number of listings. The map of this type of 
accommodation clearly illustrates clusters in every art city within the Veneto region 
(Venice and Verona in first place as attractive destinations, as well as Padua, Treviso and 
Vicenza). The territory that extends between Venice and Treviso is almost covered by 
Airbnb facilities. Thanks to this medium-high level of attractiveness, it is also possible to 
identify the thematic tourism systems of the region, identifying structures located on the 
North Adriatic coast (sea and beach tourism) and in the mountain area (dolomites and 
mountain tourism). It is also possible to identify a small number of facilities in the areas 
of the hills and in the spa tourism system area in the province of Padua (Abano and 
Montegrotto, Figure 3). 
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Figure 2 High level of attractiveness of Airbnb listings (see online version for colours) 

 

Figure 3 Medium-high level of attractiveness of Airbnb listings (see online version for colours) 

 

6 Conclusions 

This study used two analytical tools to determine factors and attributes which influence 
the selection process of Airbnb users, in relation to accommodation facilities in the 
Veneto region. In-depth analysis of each variable within the studied dataset highlighted 
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the factors which directly affect the occupancy rate and indirectly influence the behaviour 
of Airbnb users looking to book a holiday in Veneto. 

The variables can be summarised and clustered in relation to three main concerns: 

1 ‘Entire house’ and ‘price per night’ are the strongest variables related to the appeal 
of the accommodation. Entire houses or apartments are booked more often than 
private or shared rooms and the listing price is a key factor in the elasticity of the 
occupancy rate: price negatively influences the occupancy rate. However, the users’ 
willingness to pay is such that any increase in price leads to a diminishing demand 
that is less than proportional. 

2 The Airbnb listing location is a key factor that has a strong influence on the 
occupancy rate. Urban destinations, such as Verona and Venice, hold more appeal 
and can attract higher numbers to the Airbnb platform. The attractiveness index 
confirms this relationship and illustrates the link between the main regional tourism 
destinations and the concentration of attractive listings. 

3 Airbnb is a P2P platform. As is the nature of sharing communities, member 
behaviour plays a significant part in enhancing trust and user relations. In this regard, 
the research assessed the relative importance of key variables associated with a 
host’s behaviour on the platform, in particular the response time (a response time 
lower than the reservation request is associated with a higher occupancy rate) and 
Superhost status (which represents the quality of the accommodation and the host’s 
professional performance). 

Understanding consumer behaviour will not only support the development of new 
technologies to make them more adaptive to the needs of real users, but could also 
improve the marketing strategies of the various individuals and companies who utilise the 
online P2P rental marketplace as well as the planning and regulation tools for urban 
destinations. 

This study has illustrated that both the quantity and quality of reviews are an integral 
part of a marketing strategy: the maintenance of online dialogue, prompt responses to 
customer requests and the publicisation of past reservations (reviews and score rate) are 
key elements in attracting future bookings. At the same time, companies engaged in 
traditional commerce should pay more attention to these consumption trends to identify 
appropriate adaptation strategies. 

Future research should therefore also focus on the dimension of sustainability. This 
might analyse specific social and environmental factors which guide the participation and 
ultimate selection choices of P2P platform users, further expanding the crucial set of 
variables which govern the home-sharing economy. 
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